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Improved Depth Completion with a Two-Branch Backbone Based on CNN-VIiT Integration Module

(a) RGB

(b) Depth

Fig. 2 Depth Completion results on the NYUv2 dataset

Table 2 Quantitative evaluation on NYUv2 dataset

(c) CompletionFormer (d) Ours

Table 4 Ablation performance comparison on NYUv2

Table 3 Quantitative evaluation on NYUv2 dataset
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Fig. 3 Qualitative comparison with base model
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