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Table 3 Performance comparison of parking slot detection on the PS2.0 dataset(using detection baseline)

Recall Precision Type classification O.ccup?ncy Location. Orientation
rate classification rate  error mean (pixel) error mean (degree)

Proposed method 99.54 % 99.72 % 100.0 % 99.54 % 0.54 0.21

Detection baseline 99.49 % 99.72 % 100.0 % 99.44 % 0.56 0.21
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Fig. 6 Parking slot detection and segmentation results of the
proposed method
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Single CNN-based Simultaneous Parking Slot Detection and Segmentati

Using AVM Images

Table 5 Performance comparison of parking slot detection on the PS2.0 dataset(using previous methods)
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. Type Occupancy Location Orientation
Recall Precision . . . . .
classification rate  classification rate error mean (pixel) error mean (degree)
Proposed method 99.54 % 99.72 % 100.0 % 99.54 % 0.54 0.21
Method in 17) 99.63 % 99.63 % 100.0 % 99.49 % 0.60 0.21
Method in 15) 99.77 % 99.77 % 100.0 % 99.31 % 1.02 0.18
Method in 10) 94.43 % 9522 % 100.0 % 98.54 % 2.46 1.13
Method in 13) 99.31 % 99.40 % N/A 98.33 % 1.20 0.27
Method in 4) 93.13% 96.51 % N/A N/A 1.93 0.23
Method in 3) 98.99 % 99.63 % N/A N/A 1.57 0.39
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