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Abstract : With the recent development of IoT technology, it has become possible to obtain desired sensor data without time

and space limitations. It has also become possible to easily interpret data and obtain useful information with the development

of deep learning. In this study, we developed an IoT system that estimates the driver’s posture through the use of wearable

sensors and deep learning-based image processing techniques for vehicle crash analysis.
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Table 2 Result of skeleton tracker measurement
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